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Conclusions

1. node2vec: Much more 
computationally efficient than SDNE

2. node2vec: Performs better than 
SDNE, particularly on sparse graph

3. node2vec: Prediction on future is 
better than baseline

Jaccard Observation:
1. Worst asymptotic complexity
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Data Partitioning
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Approach 4: PyTorch BigGraph

BigGraph Observation:
1. Performance increases with k.
2. Highly scalable
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